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Table 1 Basic Information Statistics of the testing areas
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Fig. 1 Remote sensing image data information of the testing area
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Table 2 Comparison of test results by different methods
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Table 3  Comparison of test results by different methods
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on historical images,using mining rights , mining products smelting land and other data. According to the tex-
ture , tone and other features of the image and related data from multiple directions,remote sensing interpretation
markers covering mining area ( stopes, transit sites, solid waste, mine construction ), rehabilitation and
percolating fluid have been established.information on land occupation and destruction caused by mining and
smelting of mineral products was extracted and studied. It provides corresponding technical support for the re-
search and work of remote sensing monitoring of mines, supervision of mining products smelting enterprises , soil
pollution investigation and residual solid waste investigation and treatment.

[ Key Words| Historical image ; Xingren area; Mining and smelting of mineral products ; Land occupation and

destruction ; Extraction study
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Dynamic Change Detection of Remote Sensing Images by Using
OB-HMAD Algorithm and Spectral Characteristics

LIU Cheng

( Wuyishan City Bureau of Natural Resources,Nanping 354300, Fujian , China)

[ Abstract] In the process of detecting dynamic changes in images ,the low segmentation accuracy of the orig-
inal image , there are significant errors in the detection results. Therefore ,the OB-HMAD algorithm and spectral
characteristics are applied to detect dynamic changes in natural resource remote sensing images. After calculat-
ing the spectral heterogeneity and shape heterogeneity feature parameters of each band of the image, combined
with the corresponding weight coefficients of each band, considering the spectral heterogeneity, shape compact-
ness,and shape smoothness of natural resource remote sensing images, the OB—-HMAD algorithm is used for
multi—scale segmentation of natural resource remote sensing images. In the stage of image dynamic change de-
tection, the curvature parameters of each segmented image are calculated based on the relationship between the
changes in natural resource remote sensing images and spectral feature parameters. The calculation of the dy-
namic changes in the target image parameters is completed by calculating the difference between the curvature
parameters. The experimental results show that under the application of this method,the errors between the de-
tection results of NDVI,RVI,and SAVI changes in images and the actual values are only 0.0009,0. 0057 and
0. 0048 respectively. The above data proved that it completed the detection of dynamic changes in remote sens-
ing images and achieved good detection results.

[ Key Words] OB-HMAD algorithm ; Spectral characteristic ; Remote sensing images of natural resources ; Dy-

namic change ; Spectral heterogeneity ; Shape heterogeneity



